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Preliminaries
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nodes----- @

Domain Nodes Edges
0000 OO0 000 - Webpages  Hyperlinks
000000000 000000 - Papers Citations
Qnooono Airports Non-stop flights
00oooooa Users Friendships




WHAT ARE GRAPH GENERATIVE MODELS?
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THE INFINITY MIRROR TEST: A STRESS TEST FOR GRAPH GENERATORS

Key Idea

Iteratively fitting and generating from a model
will amplify the model’s implicit biases.
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Figure 1: The Infinity Mirror Test




THE INFINITY MIRROR TEST: A STRESS TEST FOR GRAPH GENERATORS

Key Idea

Iteratively fitting and generating from a model
will amplify the model’s implicit biases.
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Methodology 0 U

Given an initial graph Og and a model M, T
compute 50 independent chains of graphs

(O1; O2; 122 Op). Figure 1: The Infinity Mirror Test
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THE INFINITY MIRROR TEST: A STRESS TEST FOR GRAPH GENERATORS

Key Idea

Iteratively fitting and generating from a model
will amplify the model’s implicit biases.

i fit m gen i
Methodology : N I
Given an initial graph Og and a model M, T
compute 50 independent chains of graphs repeat
(Mg Ma3 o2 ). Figure 1: The Infinity Mirror Test

Evaluation
Compare graph O; with g in a given chain to
expose different biases.



EXAMPLE INFINITY MIRROR
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KRONECKER DEGREE DISTRIBUTION RIDGE PLOT
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KRONECKER DEGREE DISTRIBUTION RIDGE PLOT M= It
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KRONECKER DEGREE DISTRIBUTION RIDGE PLOT

Normalized Relative Frequency
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KRONECKER DEGREE DISTRIBUTION RIDGE PLOT M= It
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EVOLUTION OF RELATIVE EDGE DENSITY ACROSS ITERATIONS

(edge density)
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EVOLUTION OF A\-DISTANCE ACROSS ITERATIONS
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PORTRAIT DIVERGENCE OVER TIME
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